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- 

- Ontology Engineering ist eine zeitintensive, fehleranfällige und äußerst komplexe Aufgabe.

- Die abgebildete Architektur unterstützt das “Lernen” von Ontologien aus natürlich-sprachlichen 
  Texten. Auf Grundlage syntaktischer Analyse von Texten mittels dem Information Extraction 
  Server  wird durch Anwendung verschiedenster Algorithmen semantische, konzeptionelle  Struktur
  aus Texten extrahiert. Bestehende Ontologiestrukturen unterstützen dabei sowohl die 
  syntaktischen Analyse als auch die algorithmischen Lernverfahren. Neue Ontologiestrukturen
  werden semi-automatisch in einer Modellierungsumgebung vom Wissensingenieur modelliert.

- Im gesamten Prozeß des “Text Mining” finden Techniken aus der Computerlinguistik, der 
  Statistik, des Maschinellen Lernens  und der Wissensrepräsentation Anwendung.

Ontologien beschreiben eine für den Computer verständliche Sprache für bestimmte 
   Anwendungsdomänen und stellen die Grundlage für wissensbasierte Applikationen dar. 
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Relation Confidence Support
----------------------------------------------------------------------------------------------
(costs, accomodation) 0.38 0.04
(event, area) 0.37 0.04 
(area, accomodation)  0.38 0.04
(area, hotel) 0.1 0.03
(room, furnishing) 0.39 0.03
.....

Example Results     New approach for discovering non-taxonomic conceptual
     relationships from natural language texts building on shallow
     text processing techniques.

    We use a generalized association rule algorithm that does
    detect relations between concepts and determines the 
    appropriate level of generalization.

    An empirical evaluation is performed against a hand-modeled
    ontology in the tourism domain. We have performed the evaluation
    using standard measures (precision, recall) and have also 
    conceived a new evaluation measure, RLA, to take account
    of the sliding scale of adquacy prelevant in a hierarchical
    structure.

Approach

Ontologies have become an important means for structuring information 
and information systems.They have shown their usefulness in application
areas such as information integration, information brokering  and
natural language processing.

There remains the problem of engineering large and adequate ontologies
within short time frames. Ontology  Engineering is a complex and time 
intensive task. It is very difficult and cumbersome to manually derive
ontologies from existing data (e.g. a corporate intranet).

Ontologies consist of a set of concepts, which are taxonomically
and non-taxonomically related by object relations. On the basis of
the object model a set of logical axioms enforce semantic constraints.
Non-taxonomic conceptual relations between concepts appear as
a major building block in common ontology definitions.

Background

Evaluation
(i)  Precision / Recall
     Precision and Recall gave us some hints about how to
     gauge our thresholds for support and confidence. The
     best trade-off between Precision/Recall has been reached
     with 13% / 11%.

(ii) Relation Learning  Accuracy (RLA)
     RLA  evaluates the degree to which relations that are learned
     match existing relations. The max. RLA  with 0.69 is reached 
     with support 0.04 and confidence 0.1. The RLA compaired
     against a uniform distribution of all possible relations results
     in 0.39, and thus, is significantly worse than  learning results.
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RLA = 0.58
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bad match, results in
RLA = 0.41
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