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What is the topic?
The vast majority of information being made available online is contained in unstructured text
(news/blog articles, scientific publications, etc.). The goal of information extraction is to develop
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mentioned in a text. Typically, this task is evaluated on text passages in which entities
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initially, multi-task setups can often improve performance on end-to-end tasks.

The focus of the proposed thesis is to compare existing approaches (such as [1],[2]) for joint
entity and relation extraction and develop, implement, and test own approaches.
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Starting date: As soon as possible.

Introduction

Relation extraction (RE) aims to identify the relationship
between two entities in a given text and plays an important role in information extraction. Existing work mainly
focuses on sentence-level relation extraction, i.e., predicting
the relationship between entities in a single sentence (Zeng
et al. 2014; Miwa and Bansal 2016; Zhang, Qi, and Manning 2018). However, large amounts of relationships, such
as relational facts from Wikipedia articles and biomedical
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TACRED (Zhang et al. 2017) and SemEval 2010 Task 8 (Hendrickx et al. 2009), a sentence only contains one entity pair
to classify. On the other hand, for document-level RE, one
document contains multiple entity pairs, and we need to classify the relations of them all at once. It requires the RE model
to identify and focus on the part of the document with relevant context for a particular entity pair. In addition, one

